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THERE IS NOTHING MORE HUMAN THAN THE WILL TO SURVIVE
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A. M. Turing (1950) Computing Machinery and Intelligence. Mind 49: 433-460.
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US Markets From Labor Day To US Presidential Election Day (Since 1992)
N=6 Episodes Since 1992
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QUANTITATIVE SOCIAL SCIENCE

A network framework of AN
cultural history WS > R

Maximilian Schich,?>* Chaoming Song,* Yong-Yeol Ahn,” Alexander Mirsky,?
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Socher et al. Recursive Deep Models for Semantic Compositionality Over a Sentiment Treebank, EMNLP 2013
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[Sutskever et al. 2014, Bahdanau et al. 2014, Luong and Manning 2016]
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Bush held a talk with Sharon <[s>

(Sutskever et al., 2014)
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The bottleneck is no longer access to information; now it's our ability to keep up.

Al can be trained on a variety of different types of texts and summary lengths.

A model that can generate long, coherent, and meaningful summaries remains an open
research problem.

The last fow decades have witnessed a fundamental change in the challenge of taking in new information. The bottlanack Is no konger access 10 information;
now [t's our ability to keep ug. We all have 1o read more and more to keep up-to-date with our jobs, the news, and social media. We've looked at how Al can
improve people’s work by helping with this information deluge and one potential answer is to have algorithms automatically summarize longer texts. Tralning
a model that can generate long, coherend, and meaningful Summaries remains an open research problem, In fact, generating any kind of longer text is hard
for even the most advanced deep leaming algonthms. In order (o make summarnzation successiul, we introduce two separate improvements: a more
contextual word generation model and a new way of training summarization models via reinforcement learing (RL). The combination of the two training
methods enables the system to create relevant and highly readable multi-sentence summaries of long text, such as news articles, significantly improving on
previous results. Our algorithm can be trained on a vanety of different types of texts and summary lengths. In this blog post, we present the main
contributions of our model and an overview of the natural language challenges specific to text summarization.

Paulus, Romain, Caiming Xiong, and Richard Socher. “A deep reinforced model for abstractive summarization.” 2017

https://tryolabs.com/blog/2017/12/12/deep-learning-for-nlp-advancements-and-trends-in-2017/
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S:likes(m.s)
' V= Forall ; [e.g: every one, every body, any time, etc]

3 = There exists ; [e.g : some one, some time, etc]

= = Implication ; [ if ... then....]

NP:s VP:Xx € Dk [likes(z,s)] < = Equivalent ; biconditional [if ... and ... only ... if...]

P g ) — = Not ; negation

Mary /,,//
V:\y € D, [Ax € D, [likes(z,y)]] NP:s
| |

likes Sue

v = OR ; disjunction

A =AND ; conjunction

Lambda Calculus First Order Logic
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Dongtian: Néng chuan dudshao chuan
dudshao. Xiatian: Néng chuan
dudshao chuan dudshao.

English~ rD ‘D

Winter: how much to wear how much
to wear. Summer: how much to wear
how much to wear.

Open in Google Translate

Feedback
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