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f'ﬁ\ CC)!-]\."C'I-SJ'_ik:)”ai QUCSUO” ./.‘\]-]S\-"'."C'rir'lg C“]Ei]l(;‘l')g(l‘ The Stanford Quesﬁon Answering Dataset
Human Performance 86.831 89.452
Leaderboard Stanford University
(Rajpurkar & Jia et al. '18)
Rank Model In- Out-of- Overall
domain domain 1 ninet (single model) 74.238 77.022
Microsoft Research Asia
Human Performance 89.4 87.4 88.8
Stanford University 2 Unet (ensemble) 71.553 75.011
(Reddy et al. '18) Fudan University & Liulishuo Lab
1 BERT + Answer Verification (single 83.8 80.2 82.8 2 Reinforced Mnemonic Reader + Answer Verifier 71.699 74.238
model) (single model)
Sogou Search Al Group NUDT
https:/arxiv.org/abs/1808.05759
2 BERT with History Augmented 82.7 78.6 81.5
Query (single model) 2 SLQA+ (single model) 71451 74422
Fudan University NLP Lab Alibaba DAMO NLP
http:/www.aclweb.org/anthology/P18-1158
3 D-AoA + BERT (single model) 81.4 77.3 80.2
Joint Laboratory of HIT and 3 SAN (ensemble model) 71282  73.658
iFLYTEK Research Microsoft Business Applications Research
4 SDNet (ensemble) 80.7 759 79.3 _ GiEip
Microsoft Speech and Dialogue https:/arxiv.org/abs/1712.03556
https-//git}:isbe::cl:/giocl::soft/SDN 4 Unet (single model) 69239 72622
: 2 Sep 14, 2018 Fudan University & Liulishuo Lab
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Posterior probability
computed by softmax

P(D,|0) P(D;|Q) P(D,|0)

Relevance measured
by cosine similarity

Semantic feature

m Wby}
Iy HET TN
Multi-layer non- | {Wsbs}
linear projection [, -
{W>,b5}
Word Hashing L/, N 2ok 30k
W A
Term Vector by | 500k | LSS L EDER 5001< | | |
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DSSM: Learning Deep Structured Semantic Models for Web Search using Click-through Data (Huang et al., CIKM’13)




Xt
5
IH
cu

AN o e B o
%Iﬁllglnj’% - K.

Relevance measured .
by cosine similarity sim(X, Y)
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Convolutional neural tensor network architecture for community-based question answering, I[JCAI 2015
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Case one:

Q1: What can | do for IAS?

Al: UPSC exam is also called IAS with a low pass rate.
You must take a lot energy.

Q2: How do | start preparation for UPSC?

A2: To prepare for the IAS exam, or more precisely, the UPSC
Civil Services Exam , self-discipline is the first.

Case two:

Q1: What should | do if | have a slight fever?

A1l: Wiping with alcohol may help you, and it is my usual practice.
Q2: What items can remove oil stains?

A2: Alcohol may be a good choice. Try it out.

Interaction
& Prediction

Adaptive
Multi-Attention

-,

Representation

[ Interaction & Prediction )

ql_new ] [

Question2 Answer?

B

V]
AN X
== S

L A LUR #EaE SRR

Adaptive Co-At

example

feerecy

internal structure . Taking u; as an

tention Network

e A SN
:

|

|

ST RB KRS

Adaptive Multi-Attention
Network

Adaptive Multi-Attention Network Incorporating Answer Information for Duplicate Question Detection, SIGIR 2019
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R-NET: MACHINE READING COMPREHENSION WITH SELF-MATCHING NETWORKS, ACL 2017
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Question
Query: Which player won the 2009 NBA mvp? R | _
Question A
p— +
Doc;: ... The Warriors were led by 2014-15 NBA Most Valuable — ‘ Answer ‘ Yy
Player (MVP) Stephen Curry, while the Cavaliers featured four- 1-0-0-0-0-0- B
time league MVP LeBron James ... s[w Document o ..0.5.8
Answer L SRR netn
D
Doc,: ... The Cleveland Cavaliers LeBron James was nominated P— MRC modl
as the 2009 NBA MVP, this is the forth time he ..., Ohio native

LeBron James led the Cavaliers..., Then LeBron James was
transferred to Miami Heat...

Answer: LeBron James Eﬁ1§ﬁﬁ I$‘§+§;ﬁ<1"ﬂﬁﬂl
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Document Gated Reader For Open-Domain Question Answering, SIGIR 2019
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Bridging LSTM architecture and the neural dynamics during reading, I[JCAI 2016
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