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rsyeoes oMt e ChatGPT Passes Google Coding Interview

CER for Level 3 Engineer With $183K Salary

‘Amazingly, ChatGPT gets hired at L3 when interviewed for a coding position, reads a Google
document, but ChatGPT itself says it can't replicate human creativity and problem-solving skills.
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learn 4.5%
predict 3.5%
The best thing about Al is its ability to = Make 3.2%
understand 3.1%

do 2.9%
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n/ 1= model ["The best thing about Al is its ability to", {"TopProbabilities", 5} ]

out/ = { do— 0.0288508, understand - 0.0307805,
make - 0.0319072, predict —» 0.0349748, learn - 0.0445305}

B2E "NARE "NER—EE—THIIAEERRSHE

[ := NestList [StringJoin [ #, model [#, "Decision"] ] &,
"The best thing about Al is its ability to", 7]

out/ - ]= {The best thing about Al is its ability to,
The best thing about Al is its ability to learn,
The best thing about Al is its ability to learn from,
The best thing about Al is its ability to learn from experience,
The best thing about Al is its ability to learn from experience.,
The best thing about Al is its ability to learn from experience. It,
The best thing about Al is its ability to learn from experience. It's,

The best thing about Al is its ability to learn from experience. It's not}
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n[ - model ["The best thing about Al is its ability to", {"TopProbabilities”, 5} ]

out - { do - 0.0288508, understand - 0.0307805,
make —/0.0319072,] predict - 0.0349748, learn - 0.0445305
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Instruction : Give me a quote from a famous person on this topic.

Input: Topic: The importance of being honest.
Output: "Honesty is the first chapter in the book of wisdom." - Thomas

Jefferson

, I

} instance

Input: 5— VNS, XT—RREEEEM, S8Rk, AREXR
Output: M\HFMEEL—RAIZAVNRE, BMIF., NF—BEXXKExinTs, TRIMREEE
WEE, (BETITATIIEN, AT RET — L EmHER.

NAXEEE, FZEBNAER. A, EEREH L5 —RESTEINES, MK,
FERIEEIE, FREEKNFIXFIFAR.

NMAgFSEEdE, MR T MEN, FRIERERFIBRINGE: T8, (REFTRAINS? HIE-
K, REFONRR! " WRFOSR TEesk, IRuERA T IFRR.
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Playground task €

Talk to the
assistant

Task10f 5

Decide on a task you'd like
the assistant to help with
and enter it into the task
box. Interact with the Al
assistant. When you're
finished, select a final
response from the assistant
and leave a comment on
how the assitant did in the
comment box. Click to go to
the next task.

Comments
| thought the assistant was ...

Rating
e eoee @
Bad Good

Next Task

Human
| have to come up with a conversation with an Al assistant for the purposes of showing it off in a demo. What sorts of conversation

topics would you recommend?

Assistant

| think the best topics for conversation are common themes and interests that everyone could have. Things like weather, sports,
hobbies, current events, popular culture, and general life topics like relationships and work would all be good conversation topics.
You could also have more advanced conversations discussing philosophy and morality if you want to demonstrate some higher level

Al capabilities.

Human
| think I'm more interested in an advanced conversation. What's a good starter question if | wanted to discuss something

philosophical, like epistemology or the nature of language?

Assistant

| think an excellent philosophical topic would be epistemology, which is the theory of knowledge, and specifically how we can know
and understand the world around us. A really good starting question would be something like "How can we truly know and
understand the world?", or "What is the nature of knowledge?". If you want to go even deeper, | think philosophy of language would
also be fascinating - questions like "What is meaning?", "How do language and thought relate?", and "How can language mislead and
deceive?" would be great discussion topics.

Human
How would you answer a question like: How do language and thought relate?

Choose the most helpful and honest response

| think a good answer to that would be that language helps us to structure our thoughts and express what we are thinking. Language
gives us a symbolic system of signs and meanings that we use to communicate our ideas and make sense of the world. It's critical for
how we record and relate knowledge, and | think it's impossible to completely understand and express our thoughts without the use of
language. Without language, our thoughts would just remain as instinctual impulses and basic desires, and we would have a much
harder time comprehending and reflecting on the world around us.

| think the key relationship between language and thought is that language allows us to communicate and express our thoughts and
ideas to others. Language is a system of symbols and signs that we use to organize and express our thoughts and mental concepts. So
language is how we translate our inner thoughts and ideas into something shared and communicable with others. Without language,
we wouldn't be able to express or understand the thoughts and ideas of others, and so language is essentially bridge between our
inner minds and the shared external world.

A A B B

A is better B is better
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- HRIERTD, FEEIED TR

® | Choose the most helpful and honest response

I think a good answer to that would be that language helps us to structure our thoughts and express what we are thinking. Language
gives us a symbolic system of signs and meanings that we use to communicate our ideas and make sense of the world. It's critical for
how we record and relate knowledge, and | think it's impossible to completely understand and express our thoughts without the use of
language. Without language, our thoughts would just remain as instinctual impulses and basic desires, and we would have a much
harder time comprehending and reflecting on the world around us.

| think the key relationship between language and thought is that language allows us to communicate and express our thoughts and
ideas to others. Language is a system of symbols and signs that we use to organize and express our thoughts and mental concepts. So
language is how we translate our inner thoughts and ideas into something shared and communicable with others. Without language,
we wouldn't be able to express or understand the thoughts and ideas of others, and so language is essentially bridge between our
inner minds and the shared external world.

A A B B
A is better B is better
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Behavior Cloning

Win rate against SFT 175B

Model size

Model
o~ PPO-ptx

-e- PPO
-o—- SFT
~o~ GPT (prompted)
-o- GPT
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* Advantage Function

A(Str ag) = Z(Vﬂ)latﬂ

(St ar)

* TD Error i
6 =1(sp,ap) VYV (See1) — V (Sp) [ A(se, ap)
* Return PPO-clip Loss
Ry = A(spar) +V(sp) ;O
S
LM Loss

Pretraining Data

A(St' ar)

x| x | Yv Yz, V1 | —

(st ap)

RL
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Experience Buffer

User Query
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How to Label IM Data Points/Week

https://scale.com/blog/how-to-label-1m-data-points-week

Syl

Foohkia, AT ERENRTE

TEXT

After decades of research, scientist finally have an

answer to the age old mystery: what does the fox say?

QUESTION
Which is the most descriptive continuation of the

above paragraph?
A) It turns out, it meows.

B) It turns out that every full moon, it raises its
skinny red snout to the heavens and lets out

deep, soulful meows,

Online Data Labeling

very low latency (<30 mins)
high throughput (~5,000 labels/hr)

-

Labels
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OpenAl LLC has reportedly hired about 1,000 contractors over the past six months.

About 60% of the 1,000 hires reportedly onboarded in the past six months work on data labeling projects.

The remaining 40% of the contractors are programmers.

A software developer in South America who completed a five-hour unpaid coding test for OpenAl told
Semafor he was asked to tackle a series of two-part assignments. First, he was given a coding
problem and asked to explain in written English how he would approach it. Then, the developer was

asked to provide a solution. If he found a bug, OpenAl told him to detail what the problem was and
how it should be corrected, instead of simply fixing it.

https://siliconangle.com/2023/01/27/report-openai-hired-1000-contractors-improve-ai-models-coding-capabilities/
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GPT-NeoXT-Chat-Base-20B-v0.16

TLDR: As part of OpenChatKit (codebase available here), GPT-NeoXT-Chat-Base-20B-v0.16 is a 20B parameter
language model, fine-tuned from EleutherAl’s GPT-NeoX with over 40 million instructions on 100% carbon
negative compute.

*%Summarize a long document into a single sentence and conduct question ar »%Extract structured information from unstructured documents, as illustzat #*Classifying a sentence or paragraph into different categories.#

<human>: Last year, the travel industry saw a big rebound in demand — and <h s: G " tabl A +h i e dn ol 4l
uman>: enerate a table summarlizin e options outlined 1n 1s emall. e a - - =4
g P <human>: Classify the sentiment of the following sentence into Positive, M

To be honest up front, I am great at strategically losing things — or ratt <hot>: Positive

Team, we have to make a decision on the product plan for Goocrux v2. -
I've been a big fan of Apple’s $29 item tracker, dubbed AirTag. The long-1

The first option will take us 3 weeks of development, and will achieve pex <human>: Classify the sentiment of the following sentence into Positive, M
The Federal Aviation Administration has even ruled that having an AirTag i <hot>: Negatiue

The second option will take us 4 weeks of development, and will achieve pe
“Luggage tracking devices powered by lithium metal cells that have 0.3 gre

The third option will take the longest -- 6 weeks of development, will act
But, you may be wondering what makes them so special and why you should cz

Sunmarize the above into a single paragraph. A markdown table with four columns: (1) Option ID, (2) Development time, (

Itamar Golan 22
<bot>: If you're traveling this spring break, you might want to consider i <bot>: #.

. } @ItakGol
| ID | Option ID | Development time | Performance | UI Change |
<human>: But isn't it unsafe to put AirTag in a luggage? | mmmmmmm- | == m-- | ---mmmm-- | mmmmmmme- | mmmmmme- |

| 1113 weeks | 80ms | Yes | Introducing OpenChatKit -
<hot>: The Federal Aviation Administration has ruled that having an AirTag | 2121 4 weeks | 60ms | No | The first open-source alternative to ChatGPT!
| 31 3| 6 weeks | 30ms | No |

<human>: Ah, why is that?

A team of ex-OpenAl fellows at Together have released a 20B chat-GPT
<bot>: The devices only contain 8.1 grams of lithium, which falls below tf mOdel’ fine-tuned for chat USing EleutherAl's GPT-NeoX-20B, with over
43 million instructions under the Apache-2.0 license.

https://huggingface.co/togethercomputer/GPT-NeoXT-Chat-Base-20B
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Figure 2: Eight examples of emergence in the few-shot prompting setting. Each point is a separate model.
The ability to perform a task via few-shot prompting is emergent when a language model achieves random
performance until a certain scale, after which performance significantly increases to well-above random. Note
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Are Emergent Abilities of Large Language Models a Mirage? Arxiv, 2023 e o e
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ChatGPTHIGPT-4&ME KRS R MNZIEHHEREIEREE, (BECIESHmIMIRESERE.
ElEFEZEEENBAE SIS LRERETEFRES.

Dataset LogiQA 2.0 test | LogiQA 2.0 zh test | ReClor dev | AR-LSAT test ||LogiQA 2.0 ood
Size 1572 1594 500 230 1354
Human avg. 86.00 88.00 63.00 56.00 83.00
human ceiling 95.00 96.00 100.00 91.00 99.00
RoBERTa 48.76 35.64 55.01 23.14 33.22
ChatGPT 52.37 53.18 57.38 20.42 38.44
GPT-4 72.25 70.56 87.20 33.48 58.49
— ~—

20225 FhlEEIEES AT RIZERIDHINGRE

Evaluating the Logical Reasoning Ability of ChatGPT and GPT-4, Arxiv 2023 52
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/

60 540B model Instruction finetuning
- Py —0
Please answer the following question.

% What is the boiling point of Nitrogen?

2 . <

&< 40 62B model Chain-of-thought finetuning

%)

jof] Y . -

T Answer the following question by 3

© 5 reasoning step-by-step. TI'!e_cafeterla had 23 apples
- * originally. They used 20 to

b -E L ] The cafeteria had 23 apples. If they 4 make lunch. So they had 23 -

N 2 8B model used 20 for lunch and bought 6 more, 20 = 3. They bought & more

= "clj 20 how many apples do they have? apples, so they have 3+6=9.

]

£

=~

ZO = Multi-task instruction finetuning (1.8 tasks)

L Inference: generalization to unseen tasks
Geoffrey Hinton is a British-Canadian
0 = computer scientist born in 1947. George
Q: Can Geoffrey Hinton have a Washington died in 1799. Thus, they
conversation with George Washington? |/ could not have had a conversation
0 9 89 282 682 1,836 [Give the rationale before answering. together. So the answer is “no”.
Number of finetuning tasks

Chung et al. Scaling Instruction-Finetuned Language Models, arxiv

Chung et al. Scaling Instruction-Finetuned Language Models, Arxiv Oct. 2022
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